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SESERRIR BT RAE2E | FEJURIGBIT T, A E B SR BRI R et SO S . 2 E
BT A 7 o ML ERRRRBIESY , [RIRERRES AN TR0 o (i A el TR

gi b, AMERBUSEREVEME IS SEEHI P A A B . BT IMEREIE 4, HEr#E]
DA AN B UL . AR5 550 ( Raber ) ¥E The Penguin Dictionary of Psychology W€ U IE#aFaEM N “H
At — A NAENT R B BRI AR DA R AT S 230 h Al B —BUs s .
REGTE COBSARFEI) Mg S NRREARRESZANA (SONHR) Sk ™ A B s sl . —
SEAB LR BN RS E A 5 — B s 5 5 | s ZU A RS 2 By, s R RIS 28 SN B G2t TR 2E AR
TE IS S50 0 W 25 2 5 AR 4 s, AR 16 B /N i il SR BoR 2R 4581k, — 25 R 45 i
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FIRE ARG —, (HIEITEERE VA ARSI E 2 HRTAT S H R (BN g Ao v
W E AT RAAGER P BZE R (Neuroticism ) 4EEE, WE R — R FRMmACR
B 22 X — ML A A 2R E M TR ER A S5 5 7% . oAb, MIBTE A i T EAHER B, A LAbn)
RIS ERA TR FE . I, AU BT A SO s 2t e e TR

BEE N T RE Cartificial intelligence, Al) DA FIARIEFALHE (natural language processing, NLP) fY
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2.1.1 WHEAERK

N Tk ChatGPT A AT 2RI H , A THEAT T — RIS /R T (Prompt Engineering )
(1) ik GPTHHIM AT R AR FRE L5 (2) NHAE LIRENINIA 38 X T i e e 3
(3) A1 RS VAR S — Rl AR R T 308 3 R T A 0 6 b 0 o 22 T 2 P AT D, oy kg )
GPT #1225 CA I H R E 2 i T i eV H X —4E 555 (4)  GPT PRAMLE il 2 i H i 7 v
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WG REA BN, ASF RO . IR E AR . R ER . SR S RS ARG —
(AR, NI AT ABFST R 1 GPT 2 ieost B 77 i s FARMABO I ', PRl b 7 Wk 1
BB, F5E 4 R0 24 A GPT Hik S5 HARAR X 0 T R 22 1 s SR S I 20 iy, ks B 1
AR HA TR " (5) BJa, ZR GPT ARYEEMEM A EA a2 B ENS % et H

2.1.2 THWE Rk

R AL, AR T GPT R4y 2ARRIY 104 IR R H , i 5 H 3R
FAZESERE 5 A543 0 SRITIETE 10 000 B Ll I BF S AR X301 H (R 55 A A R T 0T AR SR
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Figure 1 k* index
2.2 BN

2.2.1 #ik

AWEFER S R BENLIIRE , SR 16 B A I 2 35 77 5K, SERAA 80 A 479 N (P B 163 ),
SEAERSY M 22.82 % (SD=6.52) , AT gl AR & .

222 WRIE

B B3R 68 38 GPT AR H, AT HIMESR T 4 DEB 2 B9 K FAMS 2 rh I 42 5850
R ENE (PRZET ) rys HIn A H b, HVER 2L PERexs b Sichrsm . Hih & hE KR
NI AR A 8 # (CBF-PI-B) ™, BFI-2 3ChRMY 12 88 *, BRI AY TIPI-10 A9 2 18~ 15
IPIP-BFAS [ 20 1 . ZEAHZE A, PO R A5 5 R E4E 1Y) Cronbach’s @ 434124 0.921, 0.935,
0.799, 0.955,

ARG A T B S A3 I H B T A OCAN B, BT I H A5 ek s ARG R M R
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2.2.3 HEES
fdi ] SPSS 26.0 SLIX B HIFA . ARG, TH . RRIEN R 30T BRI 5 15
fIHEE s AT Mplus 8.0 HEATIRUEME KR 43047

3 HMIR&R

31 IMBDM

Xt 68 3 GPT Az - 28 Fee PEIR H HEAT X 40 BETHAR., 25 R BT T H X 43 BE YR T 0.4 (M=0.75,
SD=0.08 ) , Ayt LHIAE H %G RPOE e thnae )y, ATHE TG AR LA (critical ratio,
CR) , BfRRUE, 2R palE AT H FAEZ NS S BT, i mem i 27% 130 w54,
AR 27% (3RS 2H B EX T P BRI H E A 7 AT STARAS ¢ 4G 56k Wiz it H 1Y
XA EEAKSE, WREERA B ERFRMHLEN IR R . 2%, GPT A ir 68 I H 44 R A1y X 43
(p<0.001)

BB E A e 280 (Ttem—total Correlation ) , 55 & BT A H 5 80 B A E R B KT 0.4
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Figure 2 Difficulty of GPT-generated items
3.2 WEDM

32.1 HREHEZESH

X} 68 EHIA /TS F] KMO {54 0.986 (x> (2278 ) = 3192237, p<0.001) , FHHES AT
Rt BB R ERG AT R LR S X i R A ZE A A TR R PE R R 0. BRI (151 3) AT LA
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Figure 3 Gravel diagram

Shyik G0 H EiT 2 R RO BEAR, XA I H ST e, SR 3l R o R 1 AN
TES R SCE TR I E 5, SRR R[] B m iy 15 A, MO8 B 300 H AR e AT 400, it
KMO {4 0.978 ( x* (105) =6997.35, p<0.001) , [AFERA TR ISR ACHE, KL —HT
SR 2R EIE 71.05%, KIBFFG AN F450, H8 R F0 R o030 1 ST, 321 A I
HILFEES R T 0.6, HHFEmA% 0.78 LIE, PEAIBIRIN L | iR, RETEARRE.

F1 5/ EEFHESEEE

Table 1 Factor loadings and commonality of the 15 items

i H F—HF AT Bl
LRSI EE BRI H B, FRAEAEER O ASEFI 0.817 0.667
2. FRREAE 2K A I I EE R AR 0.843 0.710
3. WEEFE R I IR R A F AT 10 0.882 0.778
4. FRBEA WOV HH B FIBk 0.842 0.710
5. AR, AR EEAR 0.813 0.661
6. fEI B REAMAMERT, FRAEMS IR AR % 0.861 0.741
7. FAETE HH AL 16 A R B 0.842 0.709
8. e B IR e FMERIE LT, FRABIR R RS 0.830 0.689
9. TEMEE TG, T8 H BELRAF R VR AN AR WL 0.815 0.664
10. X E2NE U, FREH B EE 0.843 0.711
11, FRA H REAENE 25 I s R RRA T A Y 0.837 0.700
12, AL TGO T # RS & e 0.828 0.686
13. AR R 58 B AR AT IR B AN 2 sl A 0.803 0.646
14, T30 H REA SO SIS F B O AT % 0.789 0.623
15 FEWT R FIE BT, FREEHS PAFRS 0.809 0.655
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3.2.2 IBIEMERHEZES

X B B9 15 A5 H 47 s a9 56 e I &R M. — A A TLIL CFI>0.90, RMSEA<0.08,
SRMR<0.08 FRBRA REF 1, & 2 fgSRaTLUA B 15 A HILEFehr BRI, M EA RIFnss
FARLRE

2 EWEMRRSTER

Table 2 Results of confirmatory factor analysis

2

X df X /df TLI CFI RMSEA SRMR
330.408 90 3.67 0.960 0.966 0.075 0.023

3.2.3 AARREHE o1
HHE— AR GPT AT R0% , FRATTRA DA 28 MU 1 28 B P A MR i R I
R, SR (L 3) I GPT AWt F AL IR RAT

=3 RARKERRUE

Table 3 Criterion-related validity

CBF-PI-B H SRR BFT-2 TIPI-10 IPIP-BFAS
GPT [n]5: 0.755™ 0.846" 0.8117 0.847"

. FEE R R p<0.001,

3.3 EESMW

XHRE Y 15 38 GPT I H 48 G AT (S B A, JF SIS RS R 1, BRI
£14% Cronbach’s @ RBOMIFFAFRE, SERAE 4 Fin. WHAMEL B GPT [AE(EE RYF, HIUL T2
R R

F4 BESWER

Table 4 Results of the reliability analysis

ke Cronbach’s a IyeE AL
GPT ] 0.971 0.965 15
CBF-PI-B 0.921 0.906 8
HSC R BFI-2 0.935 0.932 12
TIPI-10 0.799 0.801 2
IPIP-BFAS 0.955 0.874 20

4 tig
WIS i E R E B A AR k| T BB, ZARUF5T BIR AL FIRHMREITR, 3 55%
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TR PERE
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B EAAFE SR, ARz S w33 I, BRI, RS T 6 R A SR 5 PR A4S

TEIRSERIEIEH, GPT REAR I AT 5Bz i H AR H A s 22— 2DAR R, JUHE AR — 2Lk
Z SR T HA BARME S . AR T iy 2= s Ap T 0 i B, 38 S B R i BB A RE S B
GPT 13 3|k — 10 et A N 03T . TERARRYSEPRI I, BT ChatGPT /Y H 83 H A= iUl A B
WSSO FAE I 6 K e, I I A 5 3 — R R A A 5 2z BRI T 1 R A R
JE T % B4 e B A T ME LA K7 2, i ChatGPT A= gt H (255 M 5 S s AR KRR b ok 13X
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Exploration of the Development and Validation of the
Reliability and Validity of the Chinese Emotional Stability
Questionnaire based on ChatGPT

Gao Yaojie

Faculty of Psychology, Tianjin Normal University, Tianjin

Abstract: As emotional stability has received more and more attention from society and researchers,
and in view of its important role in national health and several research fields (e.g., organizational
management, mental health, education, physical health, decision-making behavior, etc.), good-quality
emotional stability questionnaires have become particularly crucial. However, emotional stability as
a personality trait is currently measured by the neuroticism dimension of the Big Five scales, which is
not conducive to public understanding and dissemination and also exposes the fact that the localized
measurement tools need to be enriched. Therefore, this study aims to develop a Chinese version of the
Emotional Stability Questionnaire and, in line with the development trend of artificial intelligence,
learns from the latest foreign paradigm of item development and explores the feasibility of using the
latest version of ChatGPT for automatic item generation to develop a Chinese version of the Emotional
Stability Questionnaire. The formal administration of this study included 68 items generated by the GPT
retained after expert screening and a total of 42 items measuring neuroticism from four widely used Big
Five personality scales (CBF-PI-B, Chinese version of the BFI-2, translated TIPI-10 and IPIP-BFAS), with
a total of 479 valid samples obtained. The performance of the GPT-generated items was verified through
the testing steps of item analysis, structural validity and Criterion-Related Validity calculation, reliability
analysis, and comparisons, resulting in a good-quality Chinese version of the Emotional Stability
Questionnaire.

Key words: ChatGPT; Questionnaire development; Emotional stability; Reliability; Validity
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