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Optimization of hybrid evolutionary strategy

algorithm

Zhu Jun

Ji'nan University, Guangzhou

Abstract: The Gaussian and Cauchy mutation operators were combined to achieve
the dynamic balance between global exploration and local search. The improved
evolutionary strategy also USES recombination operator, constraint treatment and elite
retention strategy to further improve the performance of the algorithm. The improved
hybrid strategy algorithm is applied to solve the extreme value problem of multi-peak
function. The numerical simulation results show the effectiveness of the algorithm.
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