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Classification of Text Sentiment on Positive and Negative
Tendencies Via Deep Learning-based Approaches

Deng Yilin Xu Shuwen Gao Xin
Jiangsu Normal University, Xuzhou

Abstract: This paper proposes a deep learning-based approach on text sentiment classification according to the kernel
objective and current research status for text sentiment classification. By summarizing and evaluating conventional
machine learning schemes, their limitations in dealing with complex emotional expressions are analyzed. A deep
learning-based approach is adopted to construct a classification model on positive and negative sentiments for analyzing
the data and testing microblog comments. This deep learning model is based on tasks for text sentiment classification
towards positive and negative tendencies, which enables implementation of preprocessing, training, and testing massive
text data. Experimental results indicate that when the batch size is within 1000 times, an average accuracy of 98%
is reached in the test set, while precise classifications on more than 100,000 positive and negative text sentiment are
achieved. Meanwhile, concluding remarks and outlooks are presented with respect to difficult problems on emotional
text classification, i.e., ill-structured and ironic texts, coarse-grained sentiment analysis, lack of cultural awareness,
dependence on data and annotations, as well as the limitations of word embeddings.

Key words: Text sentiment classification; Natural language processing; Deep learning; Sentiment tendency; Microblog
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